LEAD: Minimizing Learner-Expert Asymmetry in End-to-End Driving
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"Learning by Cheating" distills a privileged expert into a sensor-based student.
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However, this can underperform due to misalighments between experts and students.
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Improved alighment between our LEAD expert and TransFuser vé6 (TFvé) student
significantly reduces infractions and shifts the performance frontier for this domain.
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